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A Sensr-based On-line M otion Planning M ethod for Robot
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Abstract: A non-linemotion planning goproach based on the sensing information is proposed for collision avoidance
of multi-joint robot operating in unstructured envirorments T he infrared sensors are used to build a description of
the robot’s surroundings The distances to the C-obstacles on some particular directions are evaluated The
proposed algorithm guides the automation to the target in C-gace by phases Smulations verify the effectiveness of
the proposed method
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