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Abstract: To large-dimensional w avelet networks based on single scalingw avelet franes theory, a systematic design
method is proposed First, method for initialization of wavelet basis in wavelet franes is proposed;, second,
acoording to the data distribution, amodified method for rough selection of w avelet basis is given; and the last, an
adaptive projection algorithm combined with A IC criterion is used to purify thew avelet basis, mearw hile finishing

the parameters identification The proposed method is gpplied in predicting the yield of acrylonitrile, and the results
show the effectivenessof thismethod
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—analysis value
--- predictive value

Sample No.
1
1 1
PCA -RBF

1
M SE MAXE M SE MAXE
Q 096 2 11428 Q 167 8 Q 769 4
PCA -RBF Q 2313 14223 Q 3267 11251
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