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neural network
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Abstract: For nonlinear friction force in hydraulic position tracking system, partition compensation is proposed to
wlve the problan of large approximation error caused by non-snooth characteristic of friction when the whole
friction is compensated by one fuzzy neural network (FNN). The experimental results show that the partition
compensation algorithm is effective in compensating the nonlinearity of friction, and the system has good steady
tracking perfomance
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