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Abstract: A rolling horizon procedure (RHP) is used in lving a kind of singlemachine dynamic scheduling
problensw ith release tmes A n mproved sub-problan for the RHP isproposed A teminal penalty function is
gopended to the objective of each sub-problem, in which both the local objective and the global objective are
oonsidered It is proved that an existing branch and bound can be revised to lve the mproved sub-problem.
Computational results danonstrate that the mproved RHP perform s better than the best digatching rule on most
cases
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