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Abstract: L east squares support vector machines (L SSSYM ) is used to wlve the multi-input and single output
(M 1S0) modeling problem of lithopone calcination process in rotary kiln Themodeling research discovers that the
kernelsof L S"SYM have degp influence on fitting and prediction (generalization) performance To ®lve this
problen, anewv kind of L S-SYM based on mixtures of kernels isproposed This neav method not only makes the
system get a satisfied fitting output, but als effectively restrains the fluctuation of the prediction output caused by
local kernels
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