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M ethod of learning TSK fuzzy model by cooperative coevolution
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Abstract: To the problan of multi-constraint and multi-target optimization in learning fuzzy model, TSK fuzzy
model is decomposed of twain different gpecies The method of learning the model by cooperative coevolution is
proposed Some problans related to each ecies coding and different evolution computing means, individual
cooperation and fitness evaluation strategy, consequent parameters estimation, are discussed T he characteristic of
the method reguests a little of previous information about objects, and is able to obtain compact fuzzy model An
example of function gpproximation show s the validity of themethod
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