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Abstract: A n enhanced particle svam optimization algorithm (EPSO) isproposed based on the analysis of PSO.
Both EPSO and PO are used to relve several well-know n and widely used test function optimization problems
Results show that EPSO has greater efficiency, better performance and more advantages in many aspects than PSO.
Then, EPSO is applied to train artificial neural network (NN) to construct a practical soft-sensor of gawline
endpoint of main fractionator of fluid catalytic cracking unit Theobtained results show that the proposed method is
feasible and effective in oft-senor of galine endpoint
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