20 5 2005 5
Vol 20 No 5 Control and D ecision M ay 2005

: 1001-0920(2005) 05-0567-04

( , 200030)

: TN 953 CA

Improved particle filter based on current statistical model
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Abstract: Based on current statisticalmodel, an mproved particle filter ispresented in the passive trackingw ith two
observers The algorithm uses the particle filter w ith the extended Kaman filter (EKF) proposal distribution, fuses
two measuranents, and incorporates the residual resampling step and theM arkov chain M onte Carlo methods In
the passive tracking expermentsw ith the two observers, the various filtering methods are compared w ith each
other. The smulation results show that the mproved particle filter can effectively track the highly maneuvering
targets
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