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Abstract: To improve performance of original particle svam optimization (PSO) algorithm and avoid trapping to
local minima, the paraller PSO based on simulated annealing (SA) isproposed The proposed algorithm combines
the fast search optimum ability of parallel PSO w ith probability jump property of SA. It can maintain the individual
diversity and restrain the degenerate phenomenon Converter vanadium recover is a complicated nonlinear reaction,
w hich is difficult to build up end-point control model A n identification model of RBF neural network, based on SA
and parallel PO, ispresented, which is used to optimize RBF kernel number-to resolve the problan of random
selection Themodel is applied to the prediction of oxygen blast time and smulation indicate the errore of prediction
do not surpass tw enty percent of true value
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