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Abstract: A modified particle svam optimization (PSO) algorithm is presented based on defining the optmum
inform ation broadcastingmode T hisalgorithm adoptes a kind of logical layered-and-delayed broadcasting mode used
for optmum information communicating w ith the purpose of mproving the operation efficiency of the algorithm and
avoiding local optimum. In this kind of broadcasting mode, broadcasting scope of the optimum information is
provided w ith logical grouped-and-delayed characteristic and gpreading scope characteristic alongw ith the iteration,
and the ergodicity and global convergence is guaranteed The smulation results show the efectiveness of the
algorithm.
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