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On the Neural NetworkM odeling with Suppor t Rough Set Theory
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Abstract: A method is introduced to cooperate the decision support and classification, inw hich rough set theory and
neural network are formed integrated into amodel A neural network modelling w ay based on rough set theory is
proposed The neural network ispreprocessed by the intelligent data analysis capability of rough set theory, and the
key components are extracted as the inputsof the neural network to detem ine original topology of the rough neural
nework Furthemore, the realization stepsof themodel are analyzed, and the rough neural network is trainedw ith
original data Themodel constructed is gpplied to extraction of classification rules The expermental results show
that themodel can increase the classification correctness effectively.
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