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Abstract: Batch and sami-batch processes play an mportant role in chemical industry. In order to reduce the
variations of the product quality, multivariate statistical process control methods based on multi-w ay partial least
squares (M PLS) is proposed for on-line batch process monitoring How ever outliers aw ays exist in the data,
traditional M PL Smethods are strongly affected by outlying observations A batch processmonitoring method based
on robustM PL Sisproposed The robust nomal operating condition model and robust control Iimits are discussed in
detail The results show that the robustM PL S is resistant to possible outliers
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