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Abstract: A novel support vector machines classification tree approach based on divisive hierarchical clustering
(DHCSV C) isproposed By fusion of fuzzy clustering techniques and support vector machines (SYM ), and utilizing
the divisive hierarchical clustering strategy, this method selectively re-constructs learning samples set and corre-
gonding SYM sub-classifier. A tree-shgpemulti-class classifier is al built using thismethod In k-class task, the
nev classifier only contains k- 1 SYM sub-classifiers The proposed method also overcomes the drav backs such as
unclassifiable region w hich the’ one-against-one” method has, and possesses a good classification performance The
experimental results show that the proposed gpproach has superiority in classification task
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