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Abstract: The combined state and paraneter identification algorithm for scalar system s is extended and the hierarchi-
cal identification of state pacemodelsformutivariable systemsis studied For system sw hose states aremeasurable,
the paraneter matrices of state gpace models are directly identified using the least squares principle For systans
w hose states are unmeasurable, acoording to the hierarchical identification principle, a hierarchical state-gpacemodel
identification method is presented to estimate unknow n parameters and states based on input-output data T he hier-
archical state space model identification is divided into Wwo stgps the system states are assumed to be known (that
is, unknow n states in parameter estimation algorithm are replacedw ith their estimates), the paraneter estimates are
recursively computed based on the state estimates and input-output data; and then the state estimates are recursively
computed based on the input-output data and paraneter estimates
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