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Abstract: A gecies niching particle svam optimizer (N PSO) isproposed according to themoving behavior of bird

flock or fish school The new algorithm has the charateristics of the particle’s free moving offset and the niching

population’smoving offset evolved in a hierachy model U sing these characterastics, our algorithm orercomes the

“ pramaturity” in global optimization by the nomal particle svam optimization and itsmodified model W hen using

this algorithm in the feed forward structure and w eights associated training, the neural network show s a good

performance in chaotic time squence forecasting
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