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Abstract: A time series forecasting method based on dynamic w eighted least squares support vector machine (L S-
SYM ) isproposed Dynamicw eighted L S-SVM is suitable for system recognition and time series prediction because
the algorithm can track the dynamics of nonlinear tme-varying systans Thew eights are detem ined by a robust
method in order to reduce the effect of the noise data Dynamicw eighted L S-SYM is gpplied to predict the concen-
tration of 4-Carboxybenzaldchydc (4-CBA ) in purified terephthalic acid (PTA ) oxidation process Results indicate
that the proposed method reduces the effect of outliers and yields high accuracy.
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