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Abstract: An mproved particle svam optimization algorithm (IPSO) isproposed based on the idea of schemaopti-
mal choice, which is the basic character of genetic algorithm. The IPSO hasmerits of both PSO and genetic algo-
rithm choice Both IPSO and basic PSO are used to renlve several well-know n benchmark functions optimation
problens Results show that IPSO has greater efficiency and better perfomance than PSO, egecially to the high-
dimesional, multi-apices functions The application of IPSO to estimate of the kinetic paraneters of 2-chloropheol
oxidation in supercritical w ater provides better paraneters than those reported in the literature
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IPSO [7] [8]. [9]
, PO
3

a b c A Ea SSE
[7] Q88 Q41 Q34 100 46 200 Q 2494
[8] 08181 04750 Q3276 704 45153202225
[9] Q8067 Q4425 Q03336 7106 46502 Q 2177
IPSO Q8081 Q4444 Q0 3239 63 5465 45626 Q 217 685
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