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Abstract: The standard DHP method needs accurate plant model to calculate the Jacobian matrix of state and control
action, which is difficult to meet A learning control strategy based on DHP (Dual Heuristic Progranming) method
of smplified model is proposed, w hich gpplies gpproximate Jacobian matrix to DHP training and thus relaxes this

Imitation Smulation results of contrapose Bioreactor show that the proposed method can accelerate learning pro-
cess and is robust to larger paraneter changes
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