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Abstract: A nev method based on kernel canonical variate analysis(KCVA ) isproposed for nonlinear process fault
diagnosis Thismethod uses the kernel function to map the nonlinear gace into a linear high dmension ace The
gpplication of the kernel function can avoid nonlinear mgpping function and dataprocessing in high dimension Paces

Canonical variate analysis(CVA ) is applied to identify a state pacemodel in linear gace and state information is ex-
tracted Three monitoring statistics T?, T2 andQ are built for fault detection Contribution plot is used to ilate
faulty variables and locate fault ource The smulation resultson CSTR system indicate that KCVA can detect fault
more easily than principal component analysis and canonical variate analysis
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