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Abstract: In a senr network, the coverage problem isvery mportant to the energy consumption, network perfor-
mance and senr deployment A nev senor model and an exposure model are defined w hich are more reasonable
and comprehensible than the existing ones Furthemore, the nev models aremore convenient for analysis and com-
putation For the given target starting position, two directions are identified w hich enable the target to get themaxi-
mal and minimal exposure values regectively. If the target velocity andmoving time are given, themaximal moving
model is identified w hich produces themaximal exposure value The smulations show the accuracy of the results
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