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New Iterated L ocal Search with Reinforced Kick Strategy for
Cluster ing Problans

LUO Jiaxiang, TANGL i-xin, TIAN Zhi-bo
(College of Information Science and Engineering, Northeastern U niversity, Shenyang 110004, China Correspon-
dent: LUO Jia-xiang, Email: fbhlljx@yahoo. com. cn)

Abstract: A naw iterated local search (L S) algorithm w ith cylce exchange neighborhood is developed to slve a class
of clustering problens Themain characteristicsof the algorithm are asfollow s 1)Cycle exchange neighborhood is
used w here several points are allowed to move smultaneously in an iteration, which is different from traditional
neighborhoods such as svap and insert w hereonly at most two points are pemi itted to move smultaneously in each
iteration; 2) anew" reinforced kick” isproposed for the clustering problem, inw hich for a given lution, the cen-
ter point of each cluster is updated acoording to the point distribution in the cluster, and the remained points are re-
grouped based on these centers Computational experiments show the efficiency of the nev L Salgorithm w ith cycle
exchange
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