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M odel and Algorithm for M ultiple Attribute Decision M aking
Based on Support Vector M achine
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(College of Information System's andM anagement, N ational U niversity of D efense Technology, Changsha 410073,
China Corregppondent: WAN G Qiang, E-mail: wgiang@nudt edu cn)

Abstract: A method for solving multiple attribute decision making M ADM ) problens isproposed based on support
vector machine (SYM ). Firstly, theprinciple of decisionmaking based on SYM isdiscussed Secondly, two decision
models are established to train SYM. One is based on the value function and the other is based on the preference re-
lation of alternatives Then, the mplementation algorithmsof MADM using support vector regression and classifi-
cation are presented A n example illustrates the proposed method
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14 7 3 5 5 5 7 5 5 7 7 7 7 7 5 5 3 3 (488
15 3 10 10 7 7 7 5 7 7 7 7 7 7 5 5 Q630
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