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Abstract: A n evolutionary gpproach is proposed to model dynanic agent systens using Hidden M arkov M odels
(HMM s). A n enhanced genetic algorithm is used to automatically learn the structure and parameters of the HMM ,
and the final HMM can represent the agent’ s behaviors by segnenting its envirorment w ith an appropriate manner.

Experments indicate that the nev method is good at searching the global model paraneter gace of HMM s, it out-
perform s conventional optimal HMM topology design methodsw hich has a tendency to stagnate on local optima and
usually requires apriori know ledge from a field expert
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