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Abstract: Theproblam of multi-sensor information fusion state estmation for descriptor discrete-time stochastic lin-
ear systems is considered The descriptor system under condideration is subject to the pulse-free hypothesis and is
oconverted into a nomal systen by an equivalent transformation Based on classical Kaiman filtering method, amul-
ti-senor information fusion stead-state Kalman filter w eighted by matrices isproposed under linear least variance in-
fomation fusion criterion Smulation results show the effectivenessof the proposed algorithm.
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