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Par ticle Swarm Optim ization Algor ithm Based on Chaotic Ser ies
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Abstract: A n advanced particle svam optimization algorithm is presented to enhance the local searching ability.

Some particles trapped in localminmum s are initialized again by chaotic series in order to introduce neighboring re-
gions of localminmum s in the iteration and help them break av ay from local optmum to find the globe optimal solu-
tion rapidly. The expermental results of classic functions show that the mproved hybrid method makes use of the
ergodicity of chaotic search to mprove the capability of precise search and keep the balance betw een the global search
and the local search, and maintain the concise calculation of particle svam optimization (PSO)property. The en-
hanced algorithm has great advantage of convergence property and robustness compared to genetic algorithm and
PO algorithm.
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