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Abstract: Outlier mining is an mportant part of data mining Combining ant colony algorithm with k-means
algorithm, excellent results of clustering analysis are obtained Then, a novel measure for identifying the physical
significance of an outlier is designed by some pemanents of ant clony algorithm and k-means algorithm, which is
called cluster-based outlier index The FindA nt- CO (1) algorithm for discovering outliers isproposed Based on the
models, the equipment process isoptimized and the faults aremonitored
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