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Abstract: The particle svam optimization (PSO) algorithm is analyzed Its premature convergence is due to the
decrease of velocity of particles in search gace that leads to a total mplosion and ultimately fitness stagnation of the
svam. A chaotic particle svam optimization (CPSD) algorithm is introduced to overcome the problem of
prenature convergence CPSO uses the propertiesof ergodicity, stochastic property, and regularity of chaos to lead
particles exploration This enable the svam system to have the ability of* sustainable development”. Simulation
results show that CPSO prevents premature convergence effectively and is better than PO, genetic algorithm and
smulated annealing on ssme benchmark function optimization problems
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