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Abstract: The convergence problem sof ant colony optimization algorithm is studied To mprove the algorithm, the
convergence of this algorithm gpplied to TSP is analyzed in detail The algorithm w ill be certain to converge to the
optimal olution under the condition 0< qo< 1 In addition, the influence on its convergence caused by the properties
of the closed path, heuristic functions, the pheromone and qo is analyzed Based on it, some conclusions about the
mprovanent of the gpeed of convergence are obtained
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