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Abstract: A discrete Hopfield neural network model w ith dynamic synapses (DSDNN) isproposed Themodel of

the dynamical connection w eight and the updating schane of the statesof neurons are given

It isproved that each

equilibrium of DSDNN oorregponds to one equilibrium of a traditional discrete Hopfield neural network, and each
equilibrium of a traditional discrete Hopfield neural network corregponds to one of DDNN. The stability of the

equilibrium is analyzed T he relationship betw een the dynamic characteristic of the DSONN and its paraneters is

als analyzed by smulation
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» N ,DSDNN
; N ,DSDNN
1 DDNN N
N 20 40 60 80 100 120 140

100 8 8 78 31 12 5
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