21 8 2006 8
Vol 21 No 8 Control and D ecision Aug 2006
: 1001-0920(2006) 08-0898-05
1,2 1 1 2
(1 s 410082, 2 s 411201)
Benchmarks , , )

: TP391 DA

D ifferential Evolution Algor ithm with Adaptive SecondM utation

WU L iang-hongl'z, WAN G Yao-nan', YUAN X iao-f angl, ZHOU Shaow u?
(1 school of Electric and Information Engineering, Hu'nan U niversity, Changsha 410082, China, 2 School of

Information and Electric Engineering, Hu’'nan U niversity of Science and Technology, Xiangtan 411201, China

Corregpondent: WU L iang-hong, E-mail: Ihwu@hnust edu cn)

Abstract: A nev adaptive second mutation differential evolution algorithm (A SUDE) based on the variance of the

population’s fitness ispresented In order to mprove the population’ sdiversity and the ability of breaking av ay from

the local optmum, according to the value of the variance of the population’s fitness during the running time, a new

mutation operator is adapted to mutate both the best individual and partial other individuals Several classic
Benchmarks functions are tested and the results show that the proposed algorithm can avoid the premature

convergence and improves the global convergence ability remarkably.
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