21 8 2006 8
Vol 21 No 8 Control and D ecision Aug 2006

: 1001-0920(2006) 08-0863-05

( , 410083)

. C934 CA

A M ulti-cr iter ia Classif ication Approach with Incomplete Certain
Information

WAN G Jian-giang
(School of Business, Central South U niversity, Changsha 410083, China E-mail: jowang@csu edu cn)

Abstract: For a kind of multi-criteria classification problensw ith reference set, in which the information on the
criteria w eights is incomplete certain and criteria values is incomplete, a method based on evidential reasoning is
proposed U sing classification to the reference set and incomplete certain information on weights, a nonlinear
progranming model is developed Then by using genetic algorithms and smplex method to lve the nonlinear
progranming models, the optimal criteria weights, utility thresholds of categories and other paraneters are
obtained A nd utility of the alternatives is computed by using interplation Classification is performed through the
comparion of the utilities of the alternatives to the utility thresholds of categories Finally, an example show s the
feasibility and availability of themethod
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