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Abstract: It is mpossible to get precise paraneters to calibrate model of camera and robot kinenatics, w hile some
uncalibrated visual servoing technigue are only for static target and some for dynamic target but can not disniss
effect of large residual A n uncalibrated method for visual servoing lechnique is presented The robot system is
controlled using dynamic nonlinear least squares optimization technique to tracking moving target Dynamic quasi-
N ewv ton goproach is used to estinate mage-jacobian matrix Systen ismore stable using recursive least sguares
algorithm. The gpproach for estmation of large residual isproposed Smulation result show s that the algorithm is
of validate and correct
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