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L ogical Tme-sequenced Particle Svarm Optim ization Strategy of
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Abstract: A kind of particle svam optim ization method w ith the characteristic of logical time-sequenced isproposed
and applied to procedure param etersoptimization of samiconductor assanbly product line The actual samiconductor
assanbly product line ismodeled In allusion to such a kind of typical procedure paranetersoptimization as process
tme distribution to different products on each machine, the logical tme-sequenced particle svam optimization
strategy w ith the evaluate index of average profit in unit time and equilibrium degree of machine isput forw ard and
smulated
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