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Abstract : A method is proposed to the vehicle routing problem with stochastic customers and demands. Due to the
complexity of itsobjective function, an efective algorithm is designed to obtain the expected cost of routes by usng

Monte Carlo sampling. Inorder to improve the performance of standard cross entropy method , an adaptive adj ustment
scheme is developed for the crucial routes used to update Markov transition matrix in terms of the improvement level
of quintiles. Computational results show the robustness and the validity of the proposed approach for solving such

problems.
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