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Abgract : Niche chaotic mutation particle swarm optimization (NCPSO) is proposed to overcome the problem of the
premature and low precison of the standard PSO. In this agorithm, niching methods and eliminating strategy are
introduced to improve the global optimizing ability. Further , shrinking chaotic mutation, which behaves well in local
searching, isintroduced to improve the solution. Smulations show that NCPSO can avoid premature efectively and
has powerf ul optimizing ability , good stability and higher optimizing precison.
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