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A new particle swarm optimization algorithm based on similarity
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Abgtract : The contradiction of the global exploration and convergence speed of particle swarm optimization ( PSO)
agorithm is analyzed. A new PSO agorithm isproposed, in which the inertia weight of every particle will be changed
dynamically with the smilarity between the particle and the current optimal position. And based on smilarity, a
method of collection calculation is proposed, which is used to randomly initialize the postion of the particle, control
the diversfication of PSO, and improve the ability of global exploration. Experiments on benchmark functions show
the effectiveness of the new algorithm.
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