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Abstract : Animproved resouce-alocating network (RAN) learning algorithm is proposed for avoiding the existing
problems of RAN network. The agorithm avoids the drawback that the RAN has no initial hidden node, improves the
influence of the RAN novelty on the architecture and parameters, and a 0 achieves a better combination between the
complexity and precision applying the FPE pruning strategy. Finaly, smulations by analyss of the compostion of
building materials show that the algorithm can smplify the network architecture, realize correct classfication of

patterns, and improve better testing performance.
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