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Chaotic dissipative particle swarm optimization and its application
to fault diagnosis
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Abstract : Consdering the high dimensonality of data and the noises in large scaled chemical process industry system
serioudy spoil thefault diagnosng performances, afault diagnos's method based on fault feature selection and support
vector machinesis proposed. To ensure the rea-time capability and correct rate of diagnosing online, a novel chaotic
dissipative discrete particle swarm optimization (CDDPSO) is developed to search fault feature variablesfor diagnosis.
Smulation results show that CDDPSO finds the globa optima more effectively and the proposed fault diagnoss
method possesses better diagnosng performance.
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