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Abstract : Anintelligent algorithm is proposed to predict the trimrbeam number in the colored weaving scheduling
process. Linear and nonlinear feature extraction methods including PCA and LL E are used to extract features from
high-dimensiona properties which are relative to the trim-beam number. Then, neura networks are applied to predict
the trim-beam number. Numerical computational results based on practical production data show that the proposed
agorithm can satidy the trim-beam number prediction requirementsin the practical manufacturing process.
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