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Abstract : By the research of discernibility matrix in rough sets, the extended class feature matrices are presented. A
mining algorithm for concise decison rules based on rough set theory is proposed. The decison table is divided into
many equivalence decison tables by usng the decison attributes, core attributes are extracted and the attributes
frequent functions are computed to mine decision rules from the small class feature matrices. Compared with
agorithms based on discernibility matrices, the proposed algorithm is of much less space complexity and time
complexity and has more generalizing ability. The experiment resultson data setsin Rosetta software and comparison
show that the al gorithm provides more precise and smple decision rules.
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1) fori=1lto| T 1 sunny Hot High Fldse N
2) forj=1to| U|-| T| 2 sunny Hot High True N
3) CountNum(cc,Num[i][k]) 3 Overcast Hot High False P
I 4 Rain Mild High False P
4) Count Element (m; (c) ,9) 5 Rain Cool Normal False P
5 1/ 1 6 Rain Cool Normal True N
6) if s = 1 then Core = Core {a} 7 Overcast Cool Normal True P
7)  next j 8  Sunny Mild High Fdse N
8) next i 9 Sunny Cool Normal False P
9) forj =1tok 10 Ran Mild  Normd  Fase P
10) fori=1tom 11 Sunny Mild Normal True P
11) Num[m+1](j] = Num[m+1J[j] + 12 Overcast Mild High True P
Num[i][]] 13 Overcast Hot Normal False P
! 14 Rain Mild High True N
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a = Sunny, a = Normal
1000 1001 1111
1100 1101 0111
1110 1111 0001
1111 1110 1000
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0011 1010 1000
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Rosetta Iris,
Australian HSV .
Rosetta BROrthogonal Scaler ( BROS
) Equal Frequency Scaler ( EFS )
JohnsonReducer
Rosetta
. Rosetta
2
Rosetta
Iris 150 BROS 19 76 9 28
EFS 21 84 9 20
Austrdian 690 BROS 601 3606 236 733
EFS 658 7238 393 1264
HSV 122 BROS 114 1026 76 561
EFS 113 904 81 316
6
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