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Abdtract : In order to improve the accuracy and efficiency of retrieving in case-based reasoning (CBR) , an algorithm
based on case retrieval is proposed, which uses directed acyclic graph support vector machines (DAGSVM) in
retrieval. The efective differentiation threshold of DA GSVM is defined, and an adaptive subset of casesis built for
each new case and the smilar cases are selected in the subset. Using the approach, case retrieval is more eficient and
accurate. The approach is applied in photodynamic therapy port wine stain CBR system, and the results show a
dramatic increase in retrieving efficiency.
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