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Dynamic clustering algorithm based on immune principle
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Absgtract: A dynamic clustering algorithm based on immune principle is proposed. Arbitrary shape clusters are
generated in the presence of noise by using the algorithm, and dynamic clustering isimplemented eficiently. A set of
antibodies are obtained based on biology immune mechanism reflecting the distributing information of current data set.
The initia clustering structure is constructed by usng the minimum spanning tree method. The dynamic clustering
algorithm is developed to update the clusters. Experiment results show that the effectiveness of the proposed
agorithm.
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