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Abstract : A new method of learning Bayesan networksis presented, which can effectively combine expert knowledge

and data. Firstly, aninitial Bayesan network structureis set up by usng expert knowledge. Then, it is revised and

regulated based on basc dependency relationship between variables, basic structure between nodes and dependency

analyss method to obtain a new Bayesan network structure. Finally, two kinds of parameters got respectively by

expert knowledge and data are fused to produce new parameters, and a Bayesian network combining expert knowledge

and datais gained. This method can avoid the problems of depending on a large number of data with high quality in

existing Bayesian network learning.
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