22 6 2007 6
Vol.22 No.6 Control and Decision Jun. 2007
: 1001-0920(2007) 06-0657-06
1 2
(1. , 410083; 2. , 110004)

Decision fusion of redundant knowedge based on rough set
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Abstract : The important research contents of rough set are classfication and reduction, the purpose of which isto get

rule knowledge and realize accuracy decision. The metricsfor rule set is presented and the properties of a rule set are

showed in genera , which play an important role for decison of redundant knowledge. Based on the basic theory of

model integration rough set , aformal model for multi-repostoriesis provided. One repository is regarded as a decision

model. By building a model integration procedure decision fusion is realized.
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