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Abdtract : A parity space approach to fault detection based on optima sensor location is proposed. A problem for
optimal sensor location and a multi-objective optimal problem based on optimal sensor location are formulated for
linear time invariant system. m variables that can attain the amount of information about the fault of process as much
as posshle out of N available process measurements are selected for measurement outputs. A minimum total
measurement cost is achieved when the systemis designed to be as sendtive as possble to faults and smultaneoudy as
robust as posshble to the unknown inputs such as disturbance. The smulation results show the efectiveness of the
proposed approach.
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