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Abgtract : A novel adaptive critic method isproposed for a class of nonlinear systems, by using which system output is
controlled to track a reference trgjectory. Inthis method, critic function can be olved analytically and only one action
network is needed to generate control action. Moreover , network weights are initialized randomly. The analys's of
dynamic performance of the overall system is performed by using L yapunov method, which proved that by using the
proposed method uniform ultimate boundness of close-loop error is guaranteed under certain conditions. Smulation
results are cond stent with theoretical analyss and show the eff ectiveness of the method.
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