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Abgract : In the framework of quantum theory, the process of the neura unit dealing with information is explained,
and quantum neural unit is proposed. The process includes two stages. The first stage is collecting macroscopical
information, in which control quantum bit is produced. The second stage is dealing microcosmic information that
neural unit state is changed according to control quantum bit. The whole process smulates the quantum controlled
NOT gate. The synthetic datasets and real datasets are used as classfication objects. Classfication results of the
quantum neural network are better than that of the classical neura network. Additionally , acrylonitrile reactor is used
as modeling object. The proposed network shows the better performance.
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