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Energy-delay Pareto optimization in TDMA scheduling for wireless
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Abstract : In wireless sensor networks with many-to-one transmisson mode, a multi-objective time divison multiple
access (TDMA) scheduling model is presented , which concerns about the packet delay and the energy consumed on
node state trandgition, and a mapping between the scheduling problem and evol utionary algorithm is reasonably set up.
A Pareto optimization algorithm based on particle swarm optimization (PSO- Pareto) is proposed. The computational
results demonstrate that PSO-Pareto algorithm can efectively find the delay and energy Pareto solutions, and is
superior to other techniquesin the literature.
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