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Survey of extended Bayesian networ ks
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Absgtract : As a modeling and inference tool of complex and uncertainty domain, Bayesan networks has extensive
applications in uncertainty decison, data analyss and intelligence inference. It extends in many fields s that some
model s and research methods emerge with the demand of theory and practice. The extended model sin various domains
and the development of Bayesian networks with new theory frameworks are reviewed. Finaly, some promising areas

of future research are briefly discussed.
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