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over vertically partitioned multi-decision table

YANG Ming, YANG Ping
(School of Mathematics and Computer Science, Nanjing Normal University , Nanjing 210097 , China. Correspondent :
YAN G Ming, Email :m. yang @njnu. edu. cn)

Abstract : At present , the research based on rough set theory aims mainly at a sngle decison table, but little work has
been done for computation of a core and attribute reduction in distributed environment. Therefore, this paper
introduces an approximate reduction algorithm based on conditional information entropy for vertically partitioned
multi-decision table. The algorithm computes each corresponding conditional information entropy in parallel at every
stes. By employing a data transmitted strategy , the communication cost is eficiently reduced and the performance of
the agorithm for approximated reduction based on conditional information entropy over vertically partitioned multi-
decison table can be eficiently improved. Algorithm analysis and experimental results show the effectiveness and
feasihility of the proposed agorithm.
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